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The application of effective methods for forecasting of the bankruptcy of industrial
companies is always an urgent task for businesses, especially at the present stage which is
characterized by an extremely high uncertainty. The paper presents the main techniques
of bankruptcy modelling used in the world’s practice: logit, probit and MDA-models, as
well as the special private methods developed on their basis. These tools constitute the
methodological foundation of our research. To assess the practical applicability of these
methods to the contemporary Russian market, two sectorial companies (bankrupt and non-
bankrupt) are selected as the object of study. A feature of the research is the use of financial
statements of companies developed according to Russian and international standards. In
the course of the calculations, we apply external and internal restrictions related to the
key rate, credit history characteristics, age and regional affiliation of companies. Based
on the dynamic assessment, we draw conclusions about the practical applicability and
inapplicability of certain forecast models for the Russian economy. We investigate the
relationship between the assessment results and the type of source data used. Research
veracity is confirmed using generally recognized models and methods, as well as the
practical implementation of the results obtained. We can recommend to use these results
for improving the existing models for predicting bankruptcy and developing new ones, as
well as for owners and investors of companies who need to make strategic decisions.
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Introduction

Modern practice of forecasting bankruptcy of sectorial companies is based on
the evaluation of mathematical models that substantially differ according to financial
statements and indicators. The set of such models can be divided into three large groups:
logit, probit, and MDA-models, each of which has its own specifics [1-4]. However, in
today’s rapidly changing market conditions and unstable political environment, the issue
of the practical significance of such models for accurate and objective assessment of the risk
of bankruptcy becomes more acute. This problem is enormously essential not only for the
companies themselves, but also for their investors. Hence, the challenge of applicability of
such forecasted models for the Russian companies is very relevant both from the scientific
and practical points of view. The decision problem involves two main stages.

1. Methodology for Modelling Bankruptcy of Sectorial Companies

In general form, logit models are given by the logistic regression equation (1) [1]:

1
PB=—— 1
— )
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where PB is a probability of company bankruptcy in accordance with condition (2); e is
Euler number (e ~ 2,71828); YV is an individual integral indicator.

PB = (2)

{from 0 when value of PD of energy company is minimum,

to 1 when value of PD is maximum.

The integral indicator Y is evaluated by the specific model
Y:bo+b1X1+bQX2++ann, (3)

where X is the j-th financial indicator; b; is the evaluation value of the j-th coefficient’
significance; j € [1;n].

In the empirical part of this paper, we consider five most common logit models:
Chesser, Khaidarshina, Zhdanov, Joo-Ha-Taehong and Altman-Sabato [2|. For instance,
the integral indicator of the Chesser logit model is briefly described as

Y =—-2,04—52-X;+0,00- X5 —6,7- X5+4,4- X, —0,08- X5 —0,1-Xq, (4)

where X is the ratio of cash and market securities to the total assets; X5 is the ratio of
profit on sales to the amount of cash and market securities; X3 is the ratio of earnings
before interest and taxes to the total assets; X, is the ratio of total liabilities to total
assets; X5 is the ratio of fixed capital to equity capital; Xg is the ratio of current assets
to profit on sales.

In addition, the integral indicator of Khaydarshina logit model, calculated for
industrial enterprises, assumes qualitative and quantitative assessment given by

Y =-10,21-0,03- K1 —6,75- Ko+ 3,71 - Ks+1,6- K4+ 0,56 - K5+ (5)
+0,13- K¢ +1,37- K7 +6,36- Kg +0,28 - Kg —2,6- Kjo+ 7,31 Ky,

where K takes into account the factor of the company “age” (6); K is the characteristics of
the company’s credit history (7); K3 is the current ratio; Ky is the ratio of earnings before
interest and taxes to interest paid; K5 is the weighted average capital of the company; Kg
is average key rate of the Bank of Russia; K7 is the regional affiliation of the company
(8); Kg is Return on Assets; Ky is Return on Equity; Kjg is the growth rate of the equity
capital; K1, is the growth rate of assets.

(6)

{O, if the company was created more than 10 years ago,
1 pu—

1, if the company was created less than 10 years ago,

(7)

{O, if the company has positive credit history,
2 p—

1, if the company has negative credit history,

(8)

{O, if the company is located in Moscow or Saint-Petersburg,
7 p—

1, if the company is located in another city.

Probit models are based on normal data distribution and binary probability value and
can be given in the general form as follows:

PB = f(Z), (9)
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where PB is the probability of company bankruptcy in accordance with condition (10);
f is the function of standard normal distribution; Z is the individual integral indicator.

(10)

PE— from 0 if the company is bankrupt,
to 1 if the company is non-bankrupt.

The practical absence of normal data distribution at the present stage made the use
of probit models less frequent. However, in the practical part, the Zmijewski model [3] is
considered:

PB=f(—4,3—4,5- X, +5,7- X5+ 0,004 - X3), (11)

where X is the ratio of net profit to total assets; X is the ratio of total liabilities to total
assets; X3 is the ratio of current assets to short-term liabilities.

The general form of multiple discriminant analysis (MDA) models is presented in (12).
The interpretation of each MDA-model is individual and can vary beyond the range from
0tol

Z=a+b-Ki+c - Ko+d-Ks+..+n-K,, (12)

where Z is the final indicator of the MDA-model that characterizes the probability of
company bankruptcy; a,b,c,d,...,n are the regression coefficients; K, Ky, K3,..., K,
are the independent variables.

We analyzed ten foreign and domestic MDA-models in the context of the research
problem [2-5|: three Altman models, as well as models of Lis, Springate, Taffler, Fulmer,
Fedotova, Savitskaya and Belikov-Davydova [1, 2].

2. Assessing the Practical Applicability of Bankruptcy Models
to Russian Industrial Companies

Two functioning Russian companies are selected as objects and conventionally denoted
by “A” and “B”. Moreover, company “A” is currently successfully operating in its market
and does not fall into the bankruptcy zone during the study period; company “B” was
declared bankrupt several years ago, and the information for analysis on it was taken for
that period. Forecasting of the bankruptcy of these companies using models above allow
to assess the current applicability of these models for the Russian market.

Both five-factor models of Altman, as well as models of Khaidarshina, Lis, Taffler,
Springate, Savitskaya, Belikov—Davydova and Zmijewski showed absolutely accurate
results about the state of companies. The models of Joo-Ha—Taehong, Altman—Sabato
and Fedotova confirmed success of the company “A”. The Chesser’s logit model confirmed
bankruptcy of the company “B” in the case of IFRS. The model of Zhdanov showed
incorrect results for the company “A” in the case of IFRS. The two-factor models of
Altman and Fulmer gave an error when evaluating the company “B” according to RAS
data.

Conclusions

1. All in all, we solved the actual problem of assessing the applicability of existing
forecasted bankruptcy models for the Russian market.
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2. In addition, we studied the relationship between the assessment results and the
types of models used, as well as the source data (RAS and IFRS).

3. Moreover, we recommend to use our results in the development of new models for
forecasting of the bankruptcy of sectorial companies.
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IMIPUMEHNUMOCTD ITPOI'HO3HEIX MOJAEJIEM BAHKPOTCTBA
K POCCUMICKNM OTPACJIEBBIM KOMITAHUAM

I.C. Yeb6omapesa', B. Cmpueaxoscxu?, H.III. I'apypos®
'Vpamabcknit denepaabHblil YHEBEpCHTET UM. Hepsoro Ilpesunenta Poccnn
B.H. Exbnuna, r. Exkarepunoypr, Poccuiickas ®enepanins
2Yemckuit arpapublii yausepeuret, 1. [Ipara, Yemickaa Pecry6mka
3IO2xH0- Y pasIbcK1it ToCyJapCTBeHHbIH yHuBepcuTeT, I. Je abuncK,
Poccuiickas Peepartiust

WcnonbzoBanue 3(pPeKTUBHBIX METOI0B IIPOrHO3UPOBAHUSI OAHKPOTCTBA OTPACJIEBBIX
KOMITAHUI BCerja siBJIsIeTCs aKTyaJbHOI st Oum3Heca 3ajadeil, 0COOEHHO Ha COBPEMEH-
HOM 3Talle, XapaKTEepU3YIOMEMCsT IPEe3BLIYaiiHO BBICOKON HEOIpeae/leHHOCThI0. B crarhe
[IPEJICTABJIEHBI OCHOBHBIE CIIOCOOBI MOJIE/IMPOBaHUsI DAHKPOTCTBA, UCIIOJIb3yeMble B MUPOBOIA

npaxkTuke: logit, probit u MDA-Mmomenu, a Takke pa3pabOTaHHBIE HA MX OCHOBE YACTHBIE
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MeTobl. JIaHHDBI WHCTPYMEHTAPHH SIBJISETCS METOIOJOTMIECKO 6a30# MPOBEIEHHOTO MC-
caenoBanus. JIJisi ONEHKN NMPAKTUIeCKONH ITPUMEHIMOCTH JTAHHBIX IIOIXO0B K COBPEMEHHO-
MYy POCCHIICKOMY PBIHKY B KadeCTBe O0bEKTOB BLIODAHBI JIB€ OTPAC/IEBbIE KOMIIAHAN: OAHK-
por u He 6aHKPOT. OCOBEHHOCTHIO IIPOBEJCHHOTO HCCIIEIOBAHUS SIBJISIETCS UCIIOJIb30BAHUE
UHAHCOBBIX JIAHHBIX KOMIIAHUN, pa3pabOTaHHBIX [0 POCCUICKHUM, & TaKyKe MeXKIyHapPOJI-
HBIM cTaHgapTaMm. [Ipy mpoBereHUN pacdyeToB MPUHATHI BHENIHWE W BHYTPEHHUE OTPAHU-
4eHHusd, CBA3aHHbIE C Pa3MePOM KJIIOYEBOIl CTaBKM, XapaKTE€PUCTUKON KPEJUTHBIX UCTOPUH,
BO3pPACTOM U PErHOHAJBHON MPUHAIIEKHOCTHIO KoMITannii. Ha ocHOBe mpoBeieHHOM auHa-
MUYECKON OIEHKU CJIeJIaHbl BBIBOJABI O IIPAKTUYECKONH MPUMEHUMOCTH W HEIPUMEHUMOCTHU
OTJIEJIbHBIX ITPOTHO3HBIX MOJIEJIeH NI poccuiickoit skoHomuku. VccaenoBana 3aBUCUMOCTD
MEXKJIy Pe3ybTaTaMU OICHKU U THUIIOM HCIOJIb3YyEeMbIX UCXOJHBIX JAHHBIX. JlocTOBEepHOCTD
I[TOJIy 9€HHBIX BBIBOJOB ITOATBEPKIEHA IPUMEHEHEM OOIIEeNPU3HAHHBIX MOJIEJIEN U METOIOB,
a TaK2>Ke MPAKTUIECKON peasn3aliyeil Moy YeHHbIX pe3yabTaToB. Jlannbie pe3yabTaThl pe-
KOMEH/LyeTCsI UCIIOIb30BATD [P COBEPIIEHCTBOBAHUU CYIIECTBYIOMINX U Pa3pabOTKe HOBBIX
MOJIeJiell TPOrHO3UPOBaHUsI OAHKPOTCTBA, & TAKXKE CODCTBEHHUKAM U MHBECTOPAM KOMITAHMI
IIPU IPUHATHAU CTPATErNIeCKUX PeIleHui.

Karouesvie caosa: bankpomemeo; npo2Ho3upo8aHue; 0Mmpaciesvle KOMNAGHUL; MATMEMO-

muueckoe modeauposarue; logit-modeawv; probit-modeav; MDA-modeav; poccutickutl poiHok.
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